Network Observational Methods and
Quantitative Metrics: 11

* Topics
— Degree correlation

— Exploring whether the sign of degree
correlation can be predicted from network type
or similarity to regular structures, or details
about the network itself, or maybe nothing

— Calculating degree correlation for simple
regular structures like trees and grids
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Summary Properties of Several Big Networks
(Newman)
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Community-finding and Pearson
Coeflicient r

Newman says technological networks seem to have » < 0
while social networks seem to have r > 0

Newman and Park sought an explanation in community

structure and clustering: “Why Social Networks are
Difterent From Other Kinds of Networks™ Phys Rev E. 68.
036122 (2003)

Social networks can arise by people joining multiple
groups and generating multiple connections

Networks derived from these multiple connections have

positive r

Networks coauthconn and coauthwhole are from this paper
— coauthconn 1s the connected portion with 147 nodes

— coauthwhole has 42 clusters, smallest has 2 nodes, biggest
has 5
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