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Optimal classification
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Which is shorthand for: A J
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How har::l IS It tﬂ learn thg optimal
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= How do we represant thEsE? How many parameters?
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= suppose X is composed of nbinary featuras
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= X is conditlonally Independent of Y given Z, if
the probability distribution governing X is

independent of the value of Y, given the value of Z
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m 2.0., P(Thunder|Rain, Lightning) = P(Thunder| Lightning)
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m Equivalent to:

P(X,Y | Z2)=P(X | 2)P(Y | Z)




