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Backpropagation

An efficient melhod of implementing gradient descent for neural networks
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1. Initialize weights to small random values

Choose a random sample input feature veclor

Compute lotal iInput l{:I ) and nl.lpﬂl;:{ li_r}’{l for II-I‘:h unit (forward pmp:rl
Compuled, for oulput layer &, = —="=(y, -y )= y,(1- ¥, Wy, - ¥,)
Compule & f for preceding layer by bfﬂhprup rule (repeal for all layers)
Compule weight change by descenl rule (repeat for all weighls)
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W= 2, wy= -2, wir=d, and wy=0.
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B.1 (8 points)

You are confronted with two situations, and vou are to determine whether the weights
will zo up or down. In both stivations, you are to use the network of part B.1, which uses

sigmoid neurons.

In sitnation 1, you are to assume that the desired outputs for inputs

0
1,
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that the learming rate 1z 1, and that the weightz are as in B 1.

In sitmation 1, you are to assume that the desired outputs, for the same inputs, are

=1,
yi=0,

Fill in the cells of the table below with up and down, as appropriate.

Situation 1 Situation 2
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We provide a following page with helpful information that you can tear off and use for
reference.
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